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Abstract

With the continuous advancement of quality education in our country, the influence of aesthetic education in subject
education is becoming increasingly important. Appreciation of artworks is one of the important contents of aesthetic
education, which can cultivate students' artistic ability and literacy. However, the lack of excellent art teachers and the
imbalance of the development level of art education in various regions has led to many students being unable to receive
high-quality art appreciation education. In this case, using multimodal large language models to tutor students in art
appreciation has become a potential alternative. Using a multimodal large language model, this paper proposes a

method based on graph retrieval augmented generation and few-shot learning to guide the model to generate art

2025061-1



102

BIG DATA RESEARCH K

appreciation content that meets the needs of high school education. Experimental results show that compared with the

comparison methods, this method can effectively improve the quality of the appreciation content generated by the

multimodal large language model.
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